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Polices and procedures should cover four major areas:
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(DG Frameworks) sols cunSl> s Loz )l
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Data Architecture — data models provide structure and
requirements, single-source systems and metadata provide
standardization

~

e
r'_
Data Quality — controls and monitoring to ensure accurate,

for data movement, data use and data at rest

-

complete, timely and consistent, checks throughout lifecycle

vy
_‘\I

/

Data Security — begins with comprehensive inventory of

databases and contents, data classifications drives

requirements to ensure confidentiality, integrity, and
availability

-

Data Usage — whether acquired or internally generated,
reporting and risk modeling processes should reconcile and
validate data, preference toward repeatable automated

techniques to avoid manual errors
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